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To make our factual QG system very much useful, we make
the use of domain-specific knowledge (e.g., about historical
events or geographical locations) and also focus on modeling
fairly general lexical and syntactic phenomena related to
questions and the presentation of factual information.

i.IlustrativeExampleofFactualQuestionGeneration

In this section, we have provided an examples that illustrate
that QG about factual information is a very challenging but
still achievable task given current advancement of natural
language processing (NLP) technologies. We begin with a
relatively  straightforward example, taken from an
Encyclopedia Britannica Elementary Edition article about the
city of Monrovia [2].

(1.1) Monrovia was named after James Monroe, who was
president of the United States in 1822. In that year a group of
freed U.S. slaves, sponsored by a U.S. society, started a new
settlement on the continent of their ancestors. As more settlers
arrived from the United States and from the Caribbean area,
the area they controlled grew larger. In 1847 Monrovia
became the capital of the new country of Liberia.

A number of acceptable factual questions can be generated
from the above sentence by analyzing its grammatical
structure, labeling its important items with high-level semantic
types (e.g., person, time, location), and later performing
syntactic transformations and WH-framing. From the first
sentence, we can extract a perfect structured and specific
questions such as the following:

Who was president of the United States in 18227

When was James Monroe president of the United States?

Who was Monrovia named after?

RelatedWorks: ;
[1]There are some works that are related to segmentation of

sentences and analyze those sentences. There was a repository
of all the keywords that they wanted to segment. After
analyzing of each sentences they segment the important
keyword from it. This keywords resembles a particular
meaning such as scheduling an alarm, disabling an alarm,
storing a reminder message and active an alarm.

1I. WORKING

During viva, teacher will open the application \._vhich will be
having all the subjects. After that teacher .w1ll select the
subject that he/she wants 1o generate the question. The system
will find a moderate level question and it will convert u_m
question from text 0 speech. Initially the question level will
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Figure 2: Convert from complex to simple

V. GENERATION OF QUESTION FROM THE
REPOSITORY.

This section gives the very important strategy to
generate the question. In order to do this, it is compulsory that
we remove complex sentences from the passages. We are
taking review of the all the important keywords from the
teacher. All the question generated will be completely based
on these keywords. We will analyse all the linkage of that
particular keyword in the passage. After that we will analyse
the meaning of that sentences. This will done by using
stanford parser which will be doing tagging process of
grammar.

Eg. My dog also likes eating sausage.

We have classified sentences based on the above
tagging. For what question there are fourteen types of
question. Using parse tree the system will how the words on
sentence is grammatically connected. Using this tree we will
generate simple factual sentence and then we will concatenate
the particular WH keyword. Similar process will carried for
where, why, when, who and which. Once we analyse the
sentence we will append the particular tag.

My/PRPS dog/NN also/RB likes/VBZ eating/VBG
sausage/NN
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Figure 4: Classification of question.

During viva session the initial difficulty will be 50%.

FIGURE 3: PARSE TREE

If he/she gives the correct answer then the percent

difficulty will be increased or else it will be reduced b
amount.

age of
y some
So this process of increasing the difficulty or
decreasing the difficulty will be continued tjl] the viva

session
of that particular students ends.

V1. RANKING OF QUESTION.

We are implementin
the question into low, mode:
QG tools will only consider

2 a system which will classify
rate and difficult. Most users of
a relatively short list of approved
0 be able to identify the questions

that are most likely to be acceptable for viva ex amination(i.e.,

at the top of a ranked list)

In order to do these we will generate all the possible

from the passages. This will be having all types of question

such as
1. True/False
Eg. Dracula was a real-life fj
2. Brief Answer Question.
Eg. Explain what is agent?
3. Short Answer Question.
Eg. Tell me about youself,

gure in hislory.

This question will be given to students. Based on
their answering of question we

will we classify them into their
respected difficulty level, A pattern will be seen in solving of
their question. These question will be given 1o Lrilliant as well

as o average and below average student.

226

Figure 5. Complele Working
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